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The enterprises that invested most heavily in AI governance are failing faster than everyone
else. New research shows an 81% rollback rate for companies with “mature
guardrails”—seven points worse than the 74% industry average.

The Numbers Behind the AI Customer Service Collapse

Sinch’s May 2025 research surveyed enterprise AI deployments and found that nearly
three-quarters of companies have shut down or rolled back their live AI customer
communications agents after putting them into production. Not after pilots. Not after
testing. After deployment to actual customers.

https://www.prnewswire.com/news-releases/sinch-research-reveals-74-of-enterprises-have-rolled-back-live-ai-customer-communications-agents-302770730.html
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The study identifies governance failures—not technical performance—as the primary cause
of these rollbacks. The AI worked. The organizational structures around it didn’t.

But the most jarring finding is the paradox at the center of the data: companies that self-
reported having “fully mature AI guardrails” experienced an 81% rollback rate. The
enterprises that did everything right by conventional wisdom failed more often than those
that moved fast and figured it out later.

This isn’t a story about AI technology being unready. It’s a story about how enterprise
processes become their own failure mode.

Why Governance Became the Bottleneck

The conventional playbook for enterprise AI deployment reads like this: build
comprehensive governance frameworks, establish review boards, create escalation
procedures, document edge cases, train human oversight teams, and then—only then—go
live. This approach assumes that more structure equals more safety equals better
outcomes.

The Sinch data suggests the opposite is happening in practice.

Organizations with mature guardrails created systems so constrained that the AI couldn’t
deliver value. Every customer interaction that fell outside pre-approved parameters
triggered escalations. Every novel query hit governance walls that required human review.
The result was an AI that technically worked but operationally failed—handling only the
simplest interactions while generating friction everywhere else.

Meanwhile, companies with less formal governance structures gave their AI systems room
to operate. When edge cases appeared, they adapted. When failures occurred, they fixed
them. They treated AI deployment as an iterative process rather than a compliance
checkpoint.

The mature guardrails crowd built fortresses. The pragmatists built learning systems.
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The Hidden Cost of Over-Governance

Consider what happens when an AI customer service agent encounters a request slightly
outside its trained parameters. In a lightly-governed deployment, the system attempts to
handle it, learns from the outcome, and improves. In a heavily-governed deployment, the
interaction gets flagged, routed to humans, logged for review, and analyzed by a
governance committee before any adaptation can occur.

The first approach generates dozens of improvement cycles per day. The second
generates improvement cycles per quarter.

Over six months, the lightly-governed system has processed thousands of edge cases and
adapted to handle them. The heavily-governed system has processed dozens—and each
adaptation required committee approval, documentation updates, and re-training
procedures.

Governance at enterprise scale doesn’t slow AI deployment. It stops AI learning.

The pilot-to-production gap that Sinch highlights isn’t about technical readiness. It’s about
the difference between an AI system that can experiment and one that cannot. Pilots
succeed because they operate outside governance constraints. Production fails because
governance constraints prevent the adaptation that made pilots work.

The Architecture of Failure

Understanding why mature guardrails correlate with higher failure rates requires examining
how enterprise AI governance actually works in practice.

Most governance frameworks were designed for traditional software deployments. They
assume that systems are deterministic, that testing can validate production behavior, and
that change management should be slow and deliberate. None of these assumptions hold
for AI systems that generate novel outputs for every input.

The Determinism Problem

Traditional software does the same thing every time given the same inputs. Governance
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processes built for this paradigm assume that if something works in testing, it works in
production. AI systems don’t behave this way. A customer service agent that handles a
refund request perfectly in testing might generate a subtly different—and potentially
problematic—response in production due to minor variations in phrasing, context, or
conversation history.

Governance frameworks respond to this unpredictability by adding constraints. More
approval steps. Narrower operating parameters. Stricter escalation triggers. Each
constraint reduces the risk of any individual failure while increasing the certainty of
systemic failure.

The system becomes so constrained it can’t do its job.

The Feedback Loop Failure

Effective AI systems require continuous learning. Customer service agents need to adapt
to new products, changing policies, emerging issues, and evolving customer expectations.
They need to learn from their mistakes and improve their responses.

Heavy governance processes interrupt this feedback loop. Changes require review.
Reviews require documentation. Documentation requires approval. By the time an
improvement makes it through the governance process, the original issue has evolved,
customer expectations have shifted, and new problems have emerged.

The AI system falls behind reality. Customer satisfaction drops. Eventually, someone
decides the AI “isn’t ready” and rolls it back.

But the AI was ready. The governance framework wasn’t.

The Success Theater Trap

Organizations with mature governance frameworks often invested heavily in them for a
reason: they wanted to demonstrate AI readiness to boards, regulators, or customers. This
creates an incentive structure where governance becomes success theater rather than
operational enablement.
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The governance framework exists to prove the organization takes AI seriously, not to help
AI systems succeed. Rollback rates don’t threaten this framework—they validate it. “See,
we caught the problems before they got worse” becomes the narrative, even when the
problems were caused by the framework itself.

This dynamic explains why the 81% failure rate hasn’t triggered governance reform in most
organizations. The governance teams interpret failures as evidence they need more
governance, not less. The cycle continues.

What the Coverage Gets Wrong

Most analysis of AI deployment failures focuses on the AI itself. The models aren’t good
enough. The training data was flawed. The technology is immature. This framing is
comfortable because it suggests patience will solve the problem—just wait for better
models.

The Sinch data points to a different conclusion: the AI is ready, but enterprise
operating models aren’t.

The 74% rollback rate doesn’t represent AI limitations. It represents organizational
limitations. Companies successfully piloted these systems, validated they worked, and then
deployed them into environments where success was structurally impossible.

This distinction matters because it changes the prescription. If AI technology is the
problem, the answer is to wait. If organizational structure is the problem, the answer is to
change how enterprises operate.

The Bain research on AI deployment in insurance supports this interpretation. Winners and
laggards in that sector aren’t differentiated by the AI technology they use—they’re
differentiated by how they integrate AI into operations. Same tools, different outcomes,
depending on organizational structure.

The Overhyped: AI Governance Frameworks

The AI governance industry has generated enormous consulting revenue, countless
frameworks, and extensive certification programs. The implicit promise is that following

https://mythosgroupinc.com/insurances-ai-revolution-winners-vs-laggards/
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these frameworks reduces AI deployment risk.

The Sinch data shows the opposite: companies that followed governance best practices
failed more often than those that didn’t.

This doesn’t mean governance is worthless. It means current governance approaches are
optimized for the wrong thing. They minimize the risk of any individual AI failure while
maximizing the risk of overall deployment failure. They’re designed to prevent embarrassing
incidents, not to enable operational success.

The enterprises that need governance frameworks most are exactly the ones most likely to
be destroyed by them.

The Underhyped: Adaptive Deployment Models

The companies succeeding with AI customer service aren’t the ones with the best
governance. They’re the ones treating AI deployment as a continuous process rather than a
discrete event.

These organizations deploy AI systems with minimal initial constraints, monitor outcomes in
real-time, adapt rapidly to failures, and gradually expand capabilities based on
demonstrated performance. They govern by outcome measurement, not process
compliance.

This approach generates more small failures but fewer catastrophic ones. It allows AI
systems to learn and improve rather than ossify within governance constraints. It accepts
that AI deployment is fundamentally different from traditional software deployment and
requires different organizational structures.

But this approach doesn’t have frameworks, certifications, or consulting practices built
around it. It’s not legible to boards and regulators. It doesn’t generate the kind of
documentation that makes governance teams feel secure.

So it remains underhyped while governance-heavy approaches continue to fail.
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What CTOs Should Actually Do

The gap between AI pilot success and production failure isn’t inevitable. Organizations can
close it by restructuring how they approach AI deployment.

Invert the Governance Model

Traditional governance asks: “What needs to happen before this AI can operate?” The
question generates approval requirements, review processes, and escalation
procedures—all friction that impedes AI performance.

Invert the question: “What needs to happen for this AI to improve?” The new question
generates monitoring systems, feedback loops, and adaptation mechanisms—all
capabilities that enable AI performance.

Governance should focus on enabling rapid iteration, not preventing deployment. Review
processes should optimize for learning speed, not risk elimination. The goal is improvement
velocity, not approval velocity.

Measure your governance framework by how quickly it enables your AI to get better,
not by how thoroughly it documents risks.

Build for Continuous Deployment

AI customer service systems should deploy like modern software: continuously, with
extensive monitoring, rapid rollback capabilities, and automatic adaptation based on
outcome measurement.

This requires infrastructure that most enterprises don’t have. Real-time performance
monitoring. Automatic A/B testing of response variations. Feedback loops that update
system behavior without requiring governance review. Gradual rollout mechanisms that
limit exposure while maximizing learning.

The technical capabilities exist. Most enterprises just haven’t prioritized building them
because their governance frameworks don’t require them.
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Separate Compliance from Operations

Many enterprise AI governance requirements are legitimate—regulatory compliance, data
privacy, brand safety. These constraints are real and necessary.

But compliance requirements should be implemented as technical constraints, not process
constraints. If an AI system can’t discuss certain topics, build that limitation into the
system architecture. If certain customer data can’t be processed, implement technical
controls that enforce this.

The goal is governance that operates at system speed, not human speed. Compliance
review for every AI interaction is functionally a denial of service attack on your own system.
Compliance baked into system architecture enables performance at scale.

Staff for Iteration, Not Control

Most enterprise AI governance teams are staffed with people whose job is to review,
approve, and document. Their metrics reward thoroughness and risk reduction.

Successful AI deployment requires different skills: rapid experimentation, outcome
measurement, system adaptation, failure analysis. Staff your AI operations with people
whose job is to make the AI better, not to prevent the AI from failing.

This isn’t about reducing oversight. It’s about changing what oversight does. A governance
team focused on improving AI performance achieves better risk outcomes than a
governance team focused on preventing AI deployment.

Accept Different Risk Profiles

Enterprise risk management typically treats all failures as equally bad. A small customer
service failure and a catastrophic data breach occupy the same conceptual category:
things to be avoided.

AI systems generate frequent small failures as part of normal operation. A customer service
agent that occasionally provides imperfect responses is functioning normally. Treating
every imperfect response as a governance incident guarantees system failure.
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Build risk frameworks that distinguish between acceptable operational variance and
genuine risk events. Monitor for patterns that indicate real problems, not individual
instances that indicate the system is learning.

What the Next Year Looks Like

The 74% rollback rate represents a market clearing event. The enterprises that failed with AI
customer service now face a choice: abandon AI deployment or fundamentally restructure
how they deploy AI.

The Governance Backlash

The enterprises experiencing 81% failure rates with mature guardrails will start questioning
those guardrails. Governance teams will face pressure to demonstrate their frameworks
enable success, not just document failure. Some organizations will overcorrect, abandoning
governance entirely—and experiencing the predictable failures that follow.

The productive middle path—governance that enables rapid iteration while maintaining
necessary controls—will emerge as the clear winner. But getting there requires governance
teams to admit their current approaches don’t work, which creates significant
organizational friction.

Expect the next 6-12 months to feature intense internal debates at enterprises that
invested heavily in AI governance. The consultants who sold those governance frameworks
will face uncomfortable questions.

The Platform Shift

Sinch, as a communications platform provider, has obvious commercial interest in this data:
they want enterprises deploying AI customer communications through their infrastructure,
and their research highlights problems they can position themselves to solve.

But the underlying dynamic is real regardless of commercial motivation. Platform providers
who enable rapid AI iteration while abstracting governance complexity will capture market
share from those who simply expose raw AI capabilities.
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The winning platforms will provide governance-as-infrastructure: compliance controls,
monitoring systems, feedback loops, and adaptation mechanisms that operate at system
speed. Enterprises won’t build these capabilities themselves. They’ll buy them.

Watch for platform consolidation around providers who offer governed AI deployment as a
managed service, reducing enterprise exposure to the organizational failures that caused
the 74% rollback rate.

The Talent Realignment

The skills that enabled AI pilot success—model selection, prompt engineering, integration
development—aren’t the skills that enable production success. Production requires
operational expertise: monitoring, adaptation, feedback loops, continuous deployment.

Enterprises that treat AI deployment as a software project staffed with AI specialists will
continue to fail. Those that treat it as an operational capability staffed with platform
engineers will succeed.

The talent market will shift accordingly. Demand for AI governance specialists will plateau.
Demand for AI operations engineers will increase. The distinction matters: governance
specialists prevent failure, operations engineers enable success.

The Regulatory Response

Regulators watching 74% of enterprise AI deployments fail will reach one of two
conclusions: AI isn’t ready for customer-facing deployment, or current governance
approaches don’t work.

The first conclusion leads to restrictive regulation that further impedes AI deployment. The
second leads to reformed guidance that emphasizes operational outcomes over process
compliance.

The regulatory trend through late 2024 suggested increasing process requirements, but
evidence of governance frameworks failing might shift this direction. Organizations that can
demonstrate outcome-based governance achieving better results than process-based
governance will shape the regulatory environment.

https://www.marketingprofs.com/opinions/2024/52444/ai-update-december-6-2024-ai-news-and-views-from-the-past-two-weeks
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This is worth investing in now. The regulatory frameworks written in the next 12 months will
determine AI deployment requirements for the next decade.

The Real Question

The 74% rollback rate isn’t a technology problem. It’s not even primarily a governance
problem. It’s a question of what enterprises are optimizing for.

Organizations that optimize for risk elimination build governance frameworks that prevent
AI systems from operating. Their AI deployments fail because success was never the
goal—avoiding embarrassment was.

Organizations that optimize for operational improvement build systems that enable AI
learning and adaptation. Their AI deployments succeed because they’re structured to get
better, not to stay safe.

The paradox at the center of the Sinch data—mature guardrails correlating with higher
failure rates—isn’t actually paradoxical. It’s the predictable outcome of optimizing for the
wrong thing. More governance generates more friction. More friction prevents more
learning. Less learning guarantees failure.

The enterprises that will succeed with AI customer service in the next year aren’t the ones
doubling down on governance. They’re the ones rebuilding their operational models to
enable AI systems that improve continuously, fail gracefully, and adapt faster than
governance committees can meet.

The question isn’t whether your AI is ready for production—it’s whether your
organization is ready to let AI succeed.

WRITTEN BY
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Artur Markus

Software engineer in Basel building AI infrastructure and agentic systems, with a
background in pharmaceutical automation, GxP compliance, and validation. I help teams
turn AI from a chatbot into a reliable operational layer.

Book a meeting →

https://www.arturmarkus.com/contacts/

