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AI Now Writes 29% of New US Software
Code—But Only Experienced Developers
See the 3.6% Productivity Gains

Junior developers use AI coding tools 37% more than their senior colleagues. Yet when
researchers tracked 160,000 programmers across 30 million commits, only the veterans
got faster.

The Study That Quantified the AI Coding Paradox

A landmark study published in Science on January 22, 2026 delivers the first large-scale
empirical analysis of AI-assisted coding in the wild. Researchers from the Complexity
Science Hub Vienna, Utrecht University, and Harvard Business School trained a neural
classifier to detect AI-generated functions from tools like GitHub Copilot and ChatGPT,
then applied it to over 30 million Python contributions on GitHub from 160,097 developers.

https://www.science.org/doi/10.1126/science.adz9311
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The findings upend the prevailing narrative about AI democratizing software development.

By Q4 2024, AI assistance had reached 29% of new Python functions in the United
States—a nearly sixfold increase from just 5% in 2022. The US leads global adoption
significantly: Germany sits at 23%, France at 24%, India at 20%, Russia at 15%, and China at
12%.

But here’s what the headlines miss: this adoption spike hasn’t translated into uniform
productivity gains.

The Expertise Dividend

The research team, led by economists who specialize in technology diffusion, didn’t just
measure adoption—they measured output. What they found creates an uncomfortable
truth for the “AI will help everyone code” thesis.

Novice developers lean on AI for 37% of their code. Experienced developers use it for just
27%. Yet only the experienced cohort showed measurable productivity improvements. The
overall productivity gain across all programmers reached just 3.6% by end-2024—and that
aggregate number masks a stark divide.

According to Utrecht University’s analysis of the study, experienced developers use AI to
experiment with unfamiliar libraries and explore new domains. They treat AI as a research
accelerant, not a crutch. Novices, by contrast, appear to use AI as a substitute for
foundational understanding—and pay the price in debugging time, code quality issues, and
integration problems that offset any generation speed gains.

AI coding tools don’t teach you to code. They teach you to accept code you
don’t understand.

Why This Changes the Economics of Engineering Teams

The productivity paradox revealed by this study has immediate implications for how
companies should think about their engineering investments.

https://csh.ac.at/news/ai-is-already-writing-almost-one-third-of-new-software-code/
https://csh.ac.at/news/ai-is-already-writing-almost-one-third-of-new-software-code/
https://www.uu.nl/en/news/productivity-of-ai-use-in-software-coding-not-equal-among-users
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The Amplifier Effect

AI coding tools function as skill amplifiers, not skill equalizers. A senior engineer who deeply
understands system architecture, security implications, and performance tradeoffs can
use AI to handle boilerplate while focusing cognitive bandwidth on design decisions. A
junior engineer who lacks that mental framework cannot evaluate whether AI-generated
code introduces subtle bugs, security vulnerabilities, or architectural debt.

This means the productivity gap between your best and worst engineers just widened.

The financial stakes are substantial. The researchers estimate AI-assisted coding generates
between $23 billion and $38 billion in additional code value globally each year, with a
conservative Python-only estimate of $4 billion to $6 billion. But this value accrues
disproportionately to teams with strong senior talent—not to those hoping AI will let them
hire cheaper.

Winners and Losers

Winners:

Senior engineers at any company—their leverage just increased
Companies with strong mentorship programs that can bridge the expertise gap
Boutique consultancies staffed by veterans who can now handle larger scopes
Developers in the US, who lead adoption and are capturing disproportionate gains

Losers:

Junior developers competing for entry-level positions against AI-augmented seniors
Companies that planned to reduce senior headcount assuming AI would flatten skill
requirements
Bootcamps selling the promise that AI makes programming easier to learn
Offshore development shops competing primarily on cost rather than expertise

The uncomfortable implication: the junior developer pipeline may be constricting precisely
when companies need it most. If novices can’t gain productive experience because AI
usage doesn’t build understanding, we face a looming shortage of the senior talent that AI



AI Now Writes 29% of New US Software Code—But Only Experienced
Developers See the 3.6% Productivity Gains

www.arturmarkus.com | 4

actually helps.

Inside the Methodology: How They Detected AI-
Generated Code

The technical approach deserves attention because it addresses the core challenge in this
research domain: how do you reliably identify AI-generated code at scale?

The Neural Classifier

The research team built a classifier trained on known AI-generated functions from
ChatGPT, GitHub Copilot, and other major tools. The classifier analyzes syntactic patterns,
naming conventions, comment styles, and structural characteristics that differentiate AI-
generated functions from human-written ones.

This isn’t trivial. AI-generated code doesn’t carry a watermark. The classifier had to identify
statistical signatures—patterns in how AI models structure code that differ systematically
from human programmers, even when the code is functionally identical.

The researchers validated their classifier against ground truth datasets where AI
involvement was known, achieving accuracy sufficient for population-level analysis.
Individual misclassifications average out when you’re analyzing 30 million commits.

Measuring Productivity

Productivity measurement in software engineering is notoriously contentious. Lines of code
is a terrible metric. The researchers used a composite approach examining commit
frequency, function completion rates, and code contribution volumes—imperfect proxies,
but reasonable ones at this scale.

Crucially, they controlled for selection effects. Developers who adopt AI tools differ
systematically from those who don’t. The analysis accounted for this through longitudinal
tracking of individual developers before and after AI adoption, plus geographic and
temporal variation in AI availability.
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The 3.6% aggregate productivity gain should be interpreted as a lower bound. The study
captures only one language (Python) and only public GitHub contributions. Internal
corporate repositories, proprietary languages, and non-commit productivity gains (like
faster documentation or better code review) remain unmeasured.

What Most Coverage Gets Wrong

The tech press has largely framed this study through two lenses: “AI adoption is growing
fast” and “productivity gains exist.” Both are true but miss the central finding.

The Underhyped Story

The real news is the differential in productivity gains by experience level. This isn’t a
footnote—it’s the main result. Yet most coverage buries it beneath adoption statistics
because rising percentages make better headlines than nuanced productivity analysis.

The study suggests a fundamental misunderstanding in how companies have deployed AI
coding tools. The dominant approach—roll out Copilot organization-wide and wait for
productivity to improve—ignores that the tool’s value depends entirely on who’s using it
and how.

The Overhyped Story

The 29% figure deserves scrutiny. It represents the percentage of new Python functions
with detected AI assistance, not 29% of all code or 29% of development time. Functions are
one unit of measurement; time spent debugging AI-generated code, integrating it into
larger systems, and reviewing it for correctness don’t appear in this number.

A developer might use AI to generate a function in 30 seconds that previously took 10
minutes to write—but then spend 20 minutes validating and fixing it. The net productivity
impact depends on factors this study intentionally doesn’t measure at the individual
interaction level.
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The Missing Context

No study has yet quantified the long-term effects of AI-assisted coding on skill
development. If novice developers lean on AI for 37% of their code but don’t build
foundational understanding, what happens to their skill trajectory over three to five years?

The current study provides a snapshot. The longitudinal implications—whether AI
assistance accelerates or retards professional development—remain unknown and may be
unknowable for years.

What Engineering Leaders Should Actually Do

This research demands action, not just acknowledgment. Here’s a framework for
responding.

Audit Your Current AI Tool Usage by Seniority

Most organizations have no visibility into how their AI coding tools are actually being used.
Start measuring:

Adoption rates by team and seniority level
Code review rejection rates for AI-assisted commits versus human-only commits
Time-to-resolution for bugs in AI-assisted code
Developer self-reported satisfaction and productivity perception

You cannot manage what you don’t measure. If this study’s patterns hold in your
organization—novices using AI more but gaining less—you need to know now.

Restructure Your Mentorship Programs

AI coding tools don’t replace mentorship; they increase its importance. Junior developers
using AI need more senior guidance, not less, because they’re now producing code they
may not fully understand.

Consider pairing structures where seniors review not just the code but the prompts and
the decision-making process that led to accepting AI suggestions. The goal is building
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judgment, not just generating output.

Reframe AI Tools as Senior Leverage

Instead of deploying AI tools as “everyone gets Copilot,” consider targeted deployment.
Your senior engineers should have access to every AI tool available—their productivity
gains justify the cost many times over. For juniors, structured programs that combine AI
access with mandatory review and explanation requirements may produce better long-
term outcomes than unlimited access.

Code Patterns to Watch

If you’re a hands-on technical leader, start looking for these patterns in your codebase:

Verbose boilerplate that looks correct but misses edge cases
Functions with correct syntax but subtly wrong logic
Security patterns that are outdated or inappropriate for your context
Naming conventions and comment styles that don’t match team norms

These are signatures of AI-generated code accepted without sufficient review. Finding
them tells you where your process is failing.

Vendors to Watch

The market for AI coding tools will segment in response to these findings. Watch for:

Tools that explicitly target senior developers with advanced features (agent-based
systems, codebase-aware suggestions)
Educational platforms that integrate AI assistance with active learning requirements
Code review tools that specifically flag AI-generated code for additional scrutiny
Productivity analytics platforms that measure AI-assisted versus human-only
performance

GitHub Copilot and ChatGPT dominate today. The next wave of tools will differentiate on
how they augment expertise, not just that they do.
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Where This Leads: The Next Twelve Months

This study marks an inflection point in the AI coding discourse. The techno-optimist
narrative—AI makes everyone productive—has collided with empirical reality. Here’s what
happens next.

Q1-Q2 2026: Organizational Response

CTOs who read this study will begin differentiated AI policies. Expect announcements from
major tech employers about “responsible AI coding practices” that really mean tiered
access based on experience.

Bootcamps and coding academies will face pressure to address AI usage directly.
Programs that teach “prompt engineering for coding” without foundational computer
science will struggle to defend their value proposition as employers recognize the expertise
dividend.

Q3-Q4 2026: Tool Evolution

AI coding tools will add features designed to build understanding rather than bypass it.
Expect “teaching mode” toggles that force developers to engage with explanations, and
“scaffolded generation” that reveals code incrementally rather than all at once.

Code review tooling will integrate AI-generation detection, similar to what the researchers
built for this study. Pull request workflows will flag AI-assisted code automatically, requiring
additional review steps.

2027: Labor Market Shifts

Junior developer hiring will bifurcate. Some companies will value juniors precisely because
they’ve learned to code before AI, treating pre-AI education as a signal of fundamental
understanding. Others will restructure entry-level roles into “AI wrangler” positions that
assume AI generation as the baseline.

Senior engineer compensation will increase. The study proves their productivity gains from
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AI are real and measurable. Organizations competing for talent will pay accordingly.

The Longer View

The US lead in adoption—29% versus 12-24% elsewhere—creates a potential productivity
gap between American tech and global competitors. If AI coding tools genuinely deliver
value to experienced developers, US tech companies may extend their lead.

But the junior developer problem could reverse this advantage within five to ten years. If
American juniors atrophy skills that Chinese or Indian developers build the hard way, the
expertise pipeline inverts.

The Uncomfortable Question

This study raises a question that few in the industry want to ask directly: should junior
developers use AI coding tools at all?

The data suggests unrestricted access may harm their development. But prohibiting AI use
would put them at a disadvantage relative to seniors and relative to their peers at
companies with different policies.

There’s no clean answer. The most defensible position is that AI usage for juniors should be
structured, supervised, and explicitly designed to build understanding—not replace it. This
requires investment in mentorship and process that many organizations will resist.

The alternative is accepting that AI coding tools will widen the expertise gap, concentrating
productivity gains among those who already possess skill while making it harder for
newcomers to build that skill.

That’s not a future most of us want. But based on this study, it’s the future we’re building by
default.

The first large-scale empirical study of AI coding proves what many suspected: these
tools amplify expertise rather than distribute it, making senior engineers more
valuable while potentially stunting the development of the junior pipeline they depend
on.
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