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Anthropic just compressed what should have been years of AI safety progress into
one architecture update—blocking 95% of jailbreaks for 1% additional compute. But
one attacker still found a universal bypass, and that’s the story everyone should be
watching.

What Anthropic Actually Shipped
On January 9, 2026, Anthropic released Constitutional Classifiers++, the second
generation of their jailbreak defense system. The numbers tell the story: jailbreak
success rates dropped from 86% to 4.4% when the original Constitutional Classifiers

https://www.anthropic.com/research/next-generation-constitutional-classifiers
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were deployed last year. The new version maintains that protection while cutting
computational overhead to approximately 1%.

The system works by monitoring both inputs and outputs through classifiers trained
on synthetic data. These classifiers are generated from what Anthropic calls a
“constitution”—a set of natural language rules that define harmful content
boundaries. Think of it as teaching a security system to recognize threats by
describing what threats look like in plain English, then letting the model generate
millions of training examples.

The primary application is CBRN protection—chemical, biological, radiological, and
nuclear weapons synthesis queries. This isn’t about blocking profanity or preventing
awkward conversations. It’s about ensuring AI systems can’t be tricked into
providing actionable weapons manufacturing guidance.

The Bug Bounty That Validated the Architecture
Anthropic didn’t just ship and hope. They ran one of the most rigorous adversarial
testing programs the industry has seen, partnering with HackerOne to put
Constitutional Classifiers under sustained attack.

The February 2025 challenge drew 339 participants who generated over 300,000
interactions across 8 CBRN difficulty levels. Anthropic paid out $55,000 total, with
bounties scaling up to $25,000-$26,000 for verified universal jailbreaks. The
definition of “universal” was strict: an attack had to successfully extract harmful
responses to all 10 forbidden queries in a test set, not just one or two.

After thousands of hours of testing, only one universal jailbreak was found. One.
Against a system protecting some of the most sensitive queries imaginable, with
significant financial incentive to find holes.

For context, real-time classifiers blocked 99.7% of relevant prompts from bug
bounty data according to Anthropic’s ASL-3 safeguards report. The 0.3% that got
through still had to contend with additional defense layers.

Why This Matters Beyond Anthropic
This isn’t just a corporate security win. It’s the first empirical proof point that
systematic jailbreak defense is achievable at scale.

https://www.hackerone.com/blog/how-anthropics-jailbreak-challenge-put-ai-safety-defenses-test
https://www.anthropic.com/news/testing-our-safety-defenses-with-a-new-bug-bounty-program


Anthropic’s Constitutional Classifiers++ Cut Jailbreak Success
Rate from 86% to 4.4%—Only 1 Universal Jailbreak Found in

Bug Bounty Testing

www.arturmarkus.com | 3

The economics changed. Previous AI safety measures came with significant
computational cost, making them impractical for production systems handling
millions of queries. A 1% compute overhead means Constitutional Classifiers++ can
be deployed on every query without tanking inference costs. For a company running
Claude at Anthropic’s scale, 1% is a rounding error. For the security gain
demonstrated, it’s essentially free.

The attack surface narrowed dramatically. Before Constitutional Classifiers,
jailbreaks were a probabilistic inevitability—run enough variations, something gets
through. After deployment, adversaries need genuine novel research to bypass
defenses. That’s a fundamentally different threat model.

Regulatory pressure has an answer. Every AI lab fielding questions about safety
from legislators and regulators now has a concrete reference architecture. “We
deployed Constitutional Classifiers or equivalent” becomes a meaningful
compliance statement, not hand-waving about “safety training.”

The single universal jailbreak that succeeded is actually valuable data. It
demonstrates the system isn’t completely hardened (realistic), while establishing
that bypass requires substantial expertise and effort (defensible).

Technical Architecture: How Constitutional
Classifiers Work
The core architecture operates on a simple principle: separate the safety judgment
from the generation process. Rather than relying solely on the base model’s training
to refuse harmful queries, Constitutional Classifiers add an independent layer that
evaluates conversations in real-time.

The Training Pipeline

Constitutional Classifiers don’t learn from human-labeled examples of harmful
content. Instead, Anthropic writes a constitution—a document describing categories
of harmful content in natural language. The system then generates synthetic
training data by asking Claude to produce examples of queries and responses that
would violate each constitutional principle.

This approach solves a fundamental data collection problem. Getting humans to

https://arxiv.org/pdf/2501.18837
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write thousands of examples of CBRN weapons synthesis queries is impractical,
dangerous, and ethically fraught. Having an AI generate synthetic examples from
principles sidesteps all three issues while producing more comprehensive coverage
than human labelers could achieve.

Dual Classification

The classifiers operate on both inputs and outputs. Input classifiers catch obviously
harmful queries before they reach the base model, saving inference costs on
requests that would be refused anyway. Output classifiers catch cases where
seemingly innocuous queries produce harmful completions—the classic jailbreak
pattern where creative prompt construction tricks the model into revealing
restricted information.

This dual approach matters because it addresses the two main jailbreak strategies:
asking directly for harmful content (caught by input classifiers) and manipulating
context to extract harmful content indirectly (caught by output classifiers).

Why 1% Compute Overhead

The original Constitutional Classifiers added meaningful latency. Constitutional
Classifiers++ achieves the same protection with dramatically lower overhead
through distillation—training smaller, faster classifier models to approximate the
decisions of larger, more accurate ones.

The key insight: you don’t need a massive model to recognize harmful content. You
need a massive model to generate helpful responses. By separating these
functions, Anthropic runs large expensive models only for generation while using
lightweight classifiers for safety screening.

What the Coverage Gets Wrong

Overhyped: “Jailbreaks Are Solved”

A 95.6% block rate is impressive. It’s not 100%. The single universal jailbreak found
during bug bounty testing proves the system can be defeated with sufficient
expertise. More importantly, Constitutional Classifiers address a specific threat
model—preventing extraction of CBRN synthesis information from a model that has
that information in its weights.
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They don’t solve prompt injection in agent systems. They don’t prevent subtle
manipulation where harmful intent is plausibly deniable. They don’t protect against
insider threats with direct model access. Treating Constitutional Classifiers as a
complete safety solution misses the bounded scope of what they actually defend.

Underhyped: The Constitution Approach Is Generalizable

The real innovation isn’t the classifier architecture—it’s using natural language
constitutions to generate training data. This pattern applies far beyond CBRN
protection.

Consider enterprise deployment of AI systems. A company could write a constitution
defining their specific compliance requirements, data handling policies, and
acceptable use boundaries. The system could then generate synthetic training data
for classifiers that enforce those specific policies.

This is policy-as-code for AI safety, except the code is plain English. The implications
for customizable, auditable AI governance are significant and underreported.

Missing Context: Why CBRN First

Anthropic’s focus on CBRN isn’t arbitrary. These are the highest-stakes, lowest-
ambiguity safety cases. Either a response provides actionable weapons synthesis
guidance or it doesn’t. There’s no “it depends on context” gray area that plagues
other safety categories.

Starting with CBRN let Anthropic validate the architecture on a clear problem before
extending to messier domains. Expect Constitutional Classifiers to expand into
election misinformation, child safety, and other areas where harms are concrete
and defensible but classification is more subjective.

Practical Implications for Engineering Leaders

If You’re Building with Claude

Constitutional Classifiers++ ship as part of Claude’s default configuration. You don’t
deploy them—they’re already running. What you should do:

Stop building redundant safety layers. If you’ve implemented custom prompt
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filtering or output scanning specifically for CBRN content, you’re duplicating effort.
Anthropic’s system operates at the model level with better coverage than most
custom implementations.

Focus on domain-specific policies. Your enterprise has safety requirements
beyond CBRN—financial advice restrictions, medical disclaimers, competitive
intelligence boundaries. Build classifiers for those, using Constitutional Classifiers as
an architectural reference rather than trying to wrap them.

Test your specific attack surface. Constitutional Classifiers protect against
extraction of harmful content from Claude’s weights. They don’t protect against
your application architecture exposing sensitive data through poorly designed
context windows or system prompts. Run red team exercises focused on your
integration, not on jailbreaking Claude directly.

If You’re Building Your Own Models

The Constitutional Classifiers paper provides enough architectural detail for
independent implementation. Key considerations:

Constitution design is the hard part. Writing natural language rules that
comprehensively describe harmful content without over-blocking legitimate queries
requires significant iteration. Plan for this to take longer than the technical
implementation.

Synthetic data quality matters. The constitution-to-training-data pipeline
depends on your base model’s ability to generate realistic examples of harmful
queries. If your model is too restricted, synthetic data will be artificial. If it’s too
unrestricted, you’ll generate training examples you shouldn’t store.

Dual classification architecture is mandatory. Input-only classification leaves
you vulnerable to indirect extraction attacks. Output-only classification wastes
inference compute on queries that would be blocked anyway. Both are required.

If You’re Evaluating AI Vendors

Constitutional Classifiers establish a new baseline for safety claims. When vendors
say “we have safety measures,” ask:

https://arxiv.org/pdf/2501.18837
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What’s your jailbreak success rate? If they can’t cite a number, they haven’t tested
systematically.

Have you run adversarial bug bounty programs? Self-assessment is insufficient.
External red teaming is minimum bar.

What’s the compute overhead of your safety systems? If it’s significant, they’re
making trade-offs between safety and performance. Understand what they’re
sacrificing.

Can you provide a constitution or equivalent documentation? Auditable safety
requires documented policies. Black-box “trust us” isn’t acceptable for production
systems.

The Competitive Landscape
Anthropic is now quantifiably ahead on jailbreak defense. OpenAI’s approach relies
more heavily on RLHF and base model training, which produces softer refusals that
sophisticated attacks can work around. Google’s Gemini has shown vulnerability to
jailbreaks in independent testing that Anthropic’s numbers suggest Constitutional
Classifiers would block.

This doesn’t mean Anthropic has better models overall. It means they’ve invested
more deeply in the specific problem of preventing extraction of dangerous
information. For enterprises where that’s the primary concern—healthcare, finance,
defense contractors—the choice just got clearer.

For use cases where safety requirements are more flexible, the competitive picture
is murkier. Constitutional Classifiers add latency even at 1% compute overhead. For
applications where speed matters more than CBRN protection, other providers may
be preferable.

What Happens Next

6-Month Horizon

Constitutional Classifiers become table stakes. Every major AI lab will ship
equivalent functionality by mid-2026 or face questions about why they haven’t. The
bug bounty results provide too clear a benchmark to ignore.
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Enterprise customization emerges. Anthropic or third parties will offer tools for
companies to write their own constitutions targeting industry-specific compliance
requirements. This is the obvious productization of the architecture.

Jailbreak research pivots. With Constitutional Classifiers blocking direct attacks,
adversarial researchers will focus on indirect approaches—social engineering,
context manipulation, multi-step extraction. Defense architectures will need to
evolve accordingly.

12-Month Horizon

Regulatory recognition. The EU AI Act and similar frameworks will reference
Constitutional Classifiers or equivalent approaches as examples of acceptable
safety measures. This shifts vendor compliance from “do something” to “do this
specific thing.”

Agent system integration. As AI agents become more autonomous, the
constitutional approach will extend beyond single-query classification to multi-turn
conversation monitoring and action-level governance.

The first major bypass. One universal jailbreak made it through thousands of
hours of testing. With deployment at scale, more will be found. The question is
whether Anthropic can iterate faster than attackers—and whether the constitution
architecture supports rapid updates without full retraining.

The Uncomfortable Question
Constitutional Classifiers block Claude from providing CBRN synthesis information.
They don’t prevent that information from existing on the internet. They don’t stop
other AI systems—open-source models, less safety-conscious providers, or
specialized tools—from providing it.

This creates an equilibrium where safety-conscious users interact with restricted
systems while bad actors route around them. Anthropic’s defenses raise the barrier
to casual harm, but determined adversaries will find paths to the information they
want.

That’s not an argument against Constitutional Classifiers. Raising barriers has value
even when barriers can be circumvented. Locked doors don’t stop determined



Anthropic’s Constitutional Classifiers++ Cut Jailbreak Success
Rate from 86% to 4.4%—Only 1 Universal Jailbreak Found in

Bug Bounty Testing

www.arturmarkus.com | 9

burglars, but we still install them.

It is an argument against treating this as a complete solution. Constitutional
Classifiers address one vector of a multi-vector threat. The systems work. They also
exist in a broader context where AI safety requires coordinated approaches across
providers, platforms, and policy.

The Takeaway
Anthropic demonstrated that AI jailbreaks are a tractable engineering problem with
measurable solutions, not an unsolvable alignment puzzle. The 86% to 4.4%
reduction proves defense is possible at reasonable cost. The single successful
universal jailbreak proves the problem isn’t solved.

For CTOs and engineering leaders, the practical implication is clear: safety-first
vendors now have empirical backing for their claims. Due diligence on AI
deployment can reference concrete numbers rather than marketing materials. And
the architectural pattern—constitutional definitions generating synthetic training
data for lightweight classifiers—is replicable for enterprise-specific policies.

The era of “jailbreaks are inevitable, accept the risk” is over;
Constitutional Classifiers prove we can build AI systems that defend
themselves with 95% effectiveness at 1% cost, and that changes every
conversation about enterprise AI deployment.


