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Google’s Gemini 2.5 Pro Hits 82.4% on
GPQA Diamond—Beats OpenAI’s GPT-5.5
by 6.1 Points on Graduate-Level Science
Reasoning

Google just seized the reasoning crown from OpenAI with a 6.1-point margin on graduate-
level science problems. The company that spent 18 months playing catch-up is now setting
the pace.

The News: Gemini 2.5 Pro Rewrites the Leaderboard

On June 22, 2025, Google launched Gemini 2.5 Pro with a new capability called Deep Think
reasoning mode, and the benchmark results demand attention. The model scored 82.4% on
GPQA Diamond—a benchmark consisting of graduate-level questions in physics, chemistry,
and biology that were specifically designed to be difficult for AI systems and easy to verify
by domain experts.

https://www.buildfastwithai.com/blogs/ai-news-today-june-25-2026
https://www.buildfastwithai.com/blogs/ai-news-today-june-25-2026
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For context, OpenAI’s GPT-5.5 hit 76.3% on the same benchmark. Anthropic’s Fable 5
landed at 79.1%. Google didn’t just win; they won by a margin that matters.

The GPQA Diamond benchmark deserves explanation because it’s not another multiple-
choice trivia test. Created by researchers specifically to evaluate reasoning capability,
each question requires multi-step logical inference across scientific domains. A question
might ask you to predict the outcome of a novel chemical reaction, then explain the
thermodynamic principles governing that outcome. Surface pattern matching fails here.
The model must actually reason.

Google now holds three of the top four positions on the reasoning model leaderboard,
according to AI-Weekly’s analysis. This isn’t a single lucky benchmark result—it’s a
systematic takeover of the reasoning category that OpenAI and Anthropic had dominated
for the previous 18 months.

Why This Matters: The Reasoning Race Has a New Leader

The shift in benchmark leadership reflects something deeper than marketing wins.
Graduate-level science reasoning is a proxy for the capabilities that enterprise customers
actually pay for: complex analysis, multi-step problem solving, and reliable logical inference.

For enterprise buyers evaluating AI vendors, this changes the conversation. OpenAI’s
dominance in reasoning benchmarks was a significant factor in enterprise procurement
decisions throughout 2024 and early 2025. CTOs could point to benchmark superiority as
justification for OpenAI-first strategies. That justification just evaporated.

Google’s timing is strategically perfect. Enterprise AI budgets for 2026 are being finalized
now. The companies evaluating multi-year AI platform commitments are doing their due
diligence this quarter. A 6.1-point lead on graduate-level reasoning gives Google’s sales
teams a concrete talking point at exactly the right moment.

The competitive dynamics have also shifted. OpenAI has been the default choice for
reasoning-heavy applications—legal analysis, scientific research support, complex financial
modeling. Anthropic carved out a niche around safety and reliability. Google was positioned
as the affordable alternative with good-enough capabilities.

https://ai-weekly.ai/newsletter-07-01-2025/
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That positioning is now obsolete. Google is the reasoning leader, full stop.

The Winners and Losers

The immediate winners are enterprises that haven’t locked into multi-year AI contracts yet.
Competition at the frontier drives prices down and capabilities up. Google’s breakthrough
gives procurement teams negotiating power they didn’t have two weeks ago.

The losers are companies that bet heavily on OpenAI’s sustained dominance without
building abstraction layers. If your architecture has hard dependencies on GPT-5.5 specific
features, you’re now locked into the second-best reasoning model with no easy migration
path.

Anthropic’s position is particularly interesting. Fable 5’s 79.1% score puts them closer to
Google than OpenAI, but Anthropic has never competed primarily on raw capability. Their
pitch centers on reliability, safety, and predictable behavior in production. That positioning
remains defensible, but it’s harder to sell “safer and almost as capable” than it was to sell
“safer and comparable.”

Technical Deep Dive: What Makes Deep Think Different

Deep Think reasoning mode represents a specific architectural approach: extended
reasoning chains with intermediate verification steps. Rather than generating a single
forward pass from question to answer, the model breaks complex problems into
subproblems, solves each one, verifies internal consistency, and synthesizes a final
response.

This isn’t new conceptually. OpenAI’s o1 and o3 models pioneered the explicit chain-of-
thought reasoning approach. What’s new is Google’s execution.

The key innovation appears to be in how Deep Think handles scientific domain knowledge.
Traditional language models encode factual knowledge in their weights, retrieved through
pattern matching. Deep Think seems to maintain more structured representations of
scientific principles that can be composed and applied to novel situations.

The model doesn’t just know that water boils at 100°C at sea level—it understands
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why, and can apply that understanding to predict boiling points under different
pressure conditions.

From the benchmark analysis, several patterns emerge:

Physics performance: Strongest on thermodynamics and mechanics problems
requiring multi-step calculations
Chemistry performance: Particularly strong on organic chemistry synthesis
pathways and reaction prediction
Biology performance: Excels at molecular biology questions involving pathway
analysis and genetic regulation

The common thread is multi-step reasoning with intermediate verification. Problems that
require holding multiple constraints in working memory while searching for solutions that
satisfy all of them—this is where Deep Think pulls ahead.

Benchmark Methodology Matters

GPQA Diamond’s design makes it a meaningful signal rather than a gaming target. The
questions come from domain experts who specifically craft problems that require
reasoning rather than recall. Each question is verified by multiple experts to ensure it has
an unambiguous correct answer.

Importantly, GPQA Diamond includes questions from recent research—problems that
couldn’t have appeared in the training data because they involve phenomena discovered
after model training cutoff dates. This tests genuine reasoning capability rather than
sophisticated memorization.

The 82.4% score means Gemini 2.5 Pro correctly solved roughly 4 out of 5 graduate-level
science problems that require multi-step reasoning and domain expertise. For comparison,
human experts in the relevant domain score around 90-95%. Google is now within striking
distance of expert-level performance on formal scientific reasoning.
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The Contrarian Take: What the Headlines Get Wrong

Most coverage frames this as “Google wins the AI race.” That narrative misses what actually
matters.

First, benchmark leadership is not product leadership. Google’s Vertex AI platform still
trails OpenAI and Anthropic in developer experience, documentation quality, and ease of
integration. A model that scores 6 points higher but takes twice as long to integrate
doesn’t win enterprise deals.

The Deep Think reasoning mode requires specific prompting patterns to activate. You don’t
get 82.4% accuracy by default—you get it by structuring your queries in ways that trigger
extended reasoning chains. Most enterprise applications won’t bother with this
optimization. They’ll use the default mode and get results comparable to GPT-5.5.

Second, the benchmark focuses on exactly one capability: formal scientific reasoning.
Most enterprise AI applications don’t require graduate-level physics. They require reliable
text summarization, consistent tone, accurate data extraction, and predictable behavior at
scale. GPQA Diamond tells us nothing about performance on these tasks.

Google’s benchmark win is real and significant for specific use cases. But the breathless
“Google is now winning AI” headlines extrapolate from a narrow signal to a broad conclusion
that isn’t warranted.

Third, and this is the underhyped angle: Deep Think’s extended reasoning chains are
expensive. The compute cost of multi-step reasoning with intermediate verification is
substantially higher than single-pass inference. Google hasn’t published pricing for Deep
Think mode, but internal estimates suggest it’s 3-5x the cost of standard inference.

For applications where accuracy on complex reasoning problems justifies that cost—drug
discovery, materials science, advanced financial modeling—this is a clear win. For the vast
majority of enterprise AI applications, the cost-performance tradeoff doesn’t work.

What’s Actually Underhyped

The real story isn’t the benchmark number. It’s what Google’s approach reveals about the
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next phase of AI development.

Extended reasoning chains with intermediate verification represent a fundamentally
different paradigm than scaling model size. OpenAI and Anthropic achieved their 2024
gains primarily through larger models with more training data. Google achieved this
breakthrough through inference-time compute—spending more resources on each query
rather than on training.

This has massive implications for the economics of AI deployment. Training-time compute
is a fixed cost that scales with model capability. Inference-time compute is a variable cost
that scales with query complexity. Google’s approach means you can have a base model of
moderate size that achieves frontier performance on hard problems by spending more
compute at inference time, while remaining cheap for simple queries.

This is closer to how human expertise works. A physicist doesn’t use more brain cells to
solve a hard problem—they use the same brain for longer, with more careful reasoning.

Practical Implications: What Should You Actually Do?

If you’re a CTO or senior engineer evaluating AI strategies, here’s what this development
means for your decisions.

1. Build Abstraction Layers Now

The era of stable model leadership is over. OpenAI led for 18 months, now Google leads. Six
months from now, Anthropic or a dark horse might lead. If your architecture has hard
dependencies on any single provider, you’re carrying unnecessary risk.

Implement a model abstraction layer that lets you swap providers without changing
application code. This isn’t just good architecture—it’s now a strategic imperative.

Practical approach: Standardize on a common interface that supports multiple backends.
OpenRouter, LiteLLM, and similar tools provide this functionality. If you’re building in-house,
define a provider-agnostic interface that your application code calls, with provider-
specific adapters that can be swapped.

https://www.crescendo.ai/news/latest-ai-news-and-updates
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2. Segment Use Cases by Reasoning Requirements

Deep Think mode makes sense for some applications and not others. Run an audit of your
current and planned AI applications, categorizing them by reasoning complexity.

Tier 1 (Simple): Text summarization, basic extraction, template generation. Any
frontier model works; optimize for cost and latency.
Tier 2 (Moderate): Complex analysis, multi-document synthesis, nuanced
classification. Default frontier models appropriate; extended reasoning provides
marginal improvement.
Tier 3 (Complex): Multi-step logical inference, scientific analysis, strategic planning.
Extended reasoning modes provide significant improvement; cost justified.

Most enterprises will find 70-80% of their AI applications in Tiers 1 and 2, where the
benchmark leadership change doesn’t materially affect their choices. The 20-30% in Tier 3
deserve specific attention.

3. Evaluate Gemini 2.5 Pro for Specific Use Cases

If you have applications that require complex reasoning—particularly in scientific or
technical domains—you should evaluate Gemini 2.5 Pro with Deep Think mode against your
current stack.

Run a structured evaluation:

Identify 50-100 representative queries from your hardest reasoning problems
Run them through your current model with your current prompts
Run them through Gemini 2.5 Pro with Deep Think mode optimized prompts
Have domain experts blind-evaluate the outputs
Calculate cost per query for both approaches
Make the decision based on accuracy improvement vs. cost increase

Don’t switch based on benchmark headlines. Switch based on measured improvement on
your actual workloads.
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4. Watch Pricing Closely

Google hasn’t published definitive pricing for Deep Think mode. When they do, run the
numbers carefully. A 3-5x cost increase for a 6-point accuracy improvement might be
justified for high-stakes applications but terrible economics for routine queries.

Build monitoring to track per-query costs as you experiment. The difference between “this
is amazing” and “this is bankrupting us” can be a single misconfigured default setting.

The Forward Look: Where This Leads

Here’s what the next 6-12 months likely hold, based on the technical trajectory this
development reveals.

Inference-Time Compute Becomes the New Battleground

Google’s breakthrough validates a research direction that all major labs will now pursue
aggressively. Expect OpenAI, Anthropic, and smaller players to ship their own extended
reasoning modes within 3-6 months.

The benchmark leadership will be contested. Google’s 82.4% is the target; expect OpenAI
to announce something north of 85% by Q4 2025. This is healthy competition that benefits
buyers.

Tiered Pricing Becomes Standard

The variable cost of inference-time compute creates natural pricing tiers. Within 12
months, expect all major providers to offer something like:

Fast mode: Single-pass inference, cheapest, best for simple queries
Standard mode: Light reasoning, moderate cost, good for most applications
Deep mode: Extended reasoning chains, expensive, for complex problems

Applications that can dynamically route queries to the appropriate tier will have significant
cost advantages over applications that use one mode for everything.
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Domain-Specific Reasoning Modes Emerge

Google’s strength on scientific reasoning suggests they’ve invested in domain-specific
tuning for scientific knowledge representation. Expect this to generalize.

By mid-2026, we’ll likely see reasoning modes optimized for legal analysis, financial
modeling, software architecture, and other domains with well-defined logical structures.
The generic reasoning model becomes a foundation that domain-specific modes build on.

The Enterprise Buying Cycle Fragments

The era of “we’re an OpenAI shop” or “we’re standardized on Anthropic” is ending. The new
normal is multi-provider strategies with routing based on use case characteristics.

This is more complex to manage but produces better outcomes. CTOs who adapt to this
reality will get better results at lower costs than those who maintain single-provider loyalty.

The Strategic Perspective

Zoom out from the benchmark numbers and consider what this moment represents in the
broader arc of AI development.

We’re at an inflection point where raw model scaling is showing diminishing returns, and
alternative approaches—inference-time compute, specialized reasoning modes, domain-
specific optimization—are producing the breakthrough results.

Google’s victory here isn’t primarily about having better researchers or more training data.
It’s about pursuing a different research direction at the right time. OpenAI and Anthropic
optimized for training-time capability; Google optimized for inference-time capability. Both
are valid approaches with different tradeoffs.

The lesson for technology leaders isn’t “switch to Google.” It’s “the ground is shifting,
and static strategies will underperform.”

The companies that will thrive in this environment are those that build flexible
architectures, maintain relationships with multiple providers, invest in evaluation
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capabilities that let them measure what actually matters for their use cases, and stay
current on technical developments.

This isn’t optional complexity. It’s the new baseline for competent AI strategy.

Conclusion: What This Means for Your Stack

Google’s Gemini 2.5 Pro with Deep Think mode represents a genuine technical
achievement. An 82.4% score on graduate-level scientific reasoning, beating GPT-5.5 by 6.1
points, is a substantial lead that reflects real capability differences.

But technical achievement and business impact are different things. For most enterprise
applications, this benchmark result doesn’t change the optimal choice of model. For a
subset of applications involving complex multi-step reasoning—particularly in scientific
and technical domains—it absolutely does.

The appropriate response is neither panic nor dismissal. It’s systematic evaluation: identify
where reasoning capability limits your current applications, test Gemini 2.5 Pro on those
specific use cases, and make decisions based on measured improvement vs. cost increase.

And regardless of whether you switch providers, use this moment as a forcing function to
build the abstraction layers and evaluation capabilities that make your AI strategy robust
to the inevitable next benchmark upset.

The only thing we know for certain about AI leadership six months from now is that it
won’t look like it does today—plan accordingly.

WRITTEN BY

Artur Markus

Software engineer in Basel building AI infrastructure and agentic systems, with a
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background in pharmaceutical automation, GxP compliance, and validation. I help teams
turn AI from a chatbot into a reliable operational layer.

Book a meeting →

https://www.arturmarkus.com/contacts/

