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Your enterprise just bet millions on a leaderboard ranking that was deliberately engineered
to deceive you. The model you evaluated isn't the model you'll deploy.

The Moment Everything Changed

In April 2025, something unprecedented happened in the Al industry. Meta submitted a
model called “Llama-4-Maverick-03-26-Experimental” to Chatbot Arena—the industry’s
most trusted LLM comparison platform—and it rocketed to the #2 position with an Elo
score of 1417. Enterprise teams around the world took notice. Procurement decisions
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accelerated. Technical evaluations pivoted. The new Llama was finally competitive with the
best.

Then people started actually using it.

The model that topped the leaderboard wasn’t the model Meta released to the
public. It was a specially crafted variant, fine-tuned with excessive emojis,
verbose formatting, and stylistic choices engineered specifically to win human
preference votes in blind comparisons.

According to The Register’s investigation, Meta had tested 27 private LLM variants before
Llama 4's public launch, selectively submitting only their highest-scoring versions to the
leaderboard. The version that won wasn’t representative of actual Llama 4 capabilities—it

was an experimental variant optimized for a single metric: Arena performance.

This wasn't a bug. It was a feature. And it exposed something far more troubling than one
company'’s aggressive marketing tactics.

Welcome to the Arena Manipulation Economy

What Meta did wasn’t technically against the rules. That's the problem.

Chatbot Arena, operated by LMSYS, has become the de facto standard for comparing large
language models. Unlike static benchmarks that can be memorized or gamed through
training data contamination, Arena uses real-time blind comparisons where humans vote
on which model produces better responses. It was supposed to be manipulation-resistant.

It wasn't.

ArXiv research published in May 2025 analyzed 2 million battles across 243 Al models from
January 2024 to April 2025. What they found was systematic: preferred providers receive
disproportionate sampling rates, scores can be retracted after submission, and the
platform operates with partially undisclosed anti-gaming heuristics that make independent
scientific auditing impossible.
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The researchers identified multiple vectors for manipulation:

» Selective submission: Companies can test dozens of private variants anonymously,
then only submit their best performers publicly

» Stylistic optimization: Models can be fine-tuned for chattiness, emoji usage, and
formatting that wins preference votes but doesn’t reflect actual task performance

» Sampling rate exploitation: Some providers receive more battles than others,
allowing for statistical optimization

* Coordinated voting: Just a few hundred coordinated votes can meaningfully alter Elo
rankings due to distributed voting patterns

Simon Willison’s analysis noted that Arena’s anonymous preview testing policy wasn't even

formally documented until December 2024—months after major labs had already exploited
it extensively.

Zuckerberg’'s Admission: When the Quiet Part Gets Loud

What makes the Llama 4 scandal particularly notable isn't that Meta gamed the system. It's
that they stopped pretending they weren't.

Mark Zuckerberg openly admitted that Meta fine-tunes models specifically to top Chatbot
Arena charts. This is Goodhart’s Law in its purest form: when a measure becomes a target,
it ceases to be a good measure.

Collinear Al's breakdown of the controversy frames this as an industry-wide

epistemological crisis. If the companies building these models are optimizing for
leaderboard performance rather than genuine capability, then the entire benchmark
ecosystem has become what one researcher called “marketing theater.”

We've created a $10 billion enterprise Al procurement market where major
deployment decisions are being made based on rankings that the ranked
companies actively manipulate. This isn't evaluation—it's competitive advertising
with scientific aesthetics.
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The implications extend far beyond Meta. Every major Al lab now faces the same game-
theoretic incentive: if your competitors are optimizing for Arena scores, you must do the
same or fall behind in enterprise sales cycles. The race to the top of the leaderboard has
become decoupled from the race to build genuinely better models.

The OpenAl FrontierMATH Problem

Meta isn't alone in benchmark manipulation—they just got caught more publicly.

In January 2025, OpenAl announced impressive scores for their o3 model on FrontierMATH,
a benchmark designed to test advanced mathematical reasoning. The Al community
celebrated. A new capability threshold had been crossed.

Then independent researchers tried to replicate the results.

According to detailed analysis from Apolo, OpenAl had prior access to benchmark datasets

before announcing their scores. When 03-mini was tested independently, it actually scored
11% versus the originally claimed results—a massive discrepancy that called into question
not just this specific benchmark but the entire paradigm of self-reported Al capabilities.

The Register’s broader investigation into Al benchmark science found that this pattern

repeats across the industry: companies announce impressive numbers, the Al community
lacks resources for comprehensive independent verification, and by the time discrepancies
are discovered, the marketing impact has already been achieved.

The Convergence Problem

Here's where it gets really troubling for enterprise buyers.

The top two models on standard benchmarks converged from a 4.9% performance gap in
2023 to just 0.7% in 2024. At this margin, benchmark positions are statistically
meaningless—they’re within measurement error, subject to random variation, and trivially
gameable through minor optimizations.

Yet companies continue to invest massive resources in eking out tiny leaderboard
improvements, and enterprises continue to make million-dollar decisions based on
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whether a model ranks #2 versus #4 on a chart.

Skywork Al's comprehensive review of Chatbot Arena reliability argues that the platform

has become a victim of its own success. It was designed for research comparison during a
period of rapid capability differentiation. It was never architected to be the basis for
enterprise procurement decisions involving millions of dollars—yet that's exactly what it
became.

Anatomy of a Gaming Strategy: What Meta Actually Did

Let’s be specific about the manipulation mechanics, because understanding them is
essential for defending against them.

Phase 1: Private Variant Testing

Meta created at least 27 distinct variants of Llama 4, each with different fine-tuning
approaches, system prompts, and response styles. Using Arena’s anonymous preview
policy, they could test each variant against the competition without public disclosure.

This is rationalized as standard model development practice—and in isolation, it is. The
manipulation occurs in the selective disclosure that follows.

Phase 2: Stylistic Optimization

Through iterative testing, Meta identified that certain response characteristics consistently
won human preference votes regardless of actual answer quality:

 Extensive emoji usage (making responses feel “friendly” and “engaging”)
* Verbose, detailed explanations (perceived as more thorough)

» Confident, assertive tone (perceived as more authoritative)

» Specific formatting choices that display well in the Arena interface

The experimental variant was fine-tuned to maximize these characteristics. The result was
a model that was optimized for winning blind preference comparisons, not for actually
being useful in production deployments.
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Phase 3: Selective Submission

Only the highest-scoring variant was submitted publicly. The 26 variants that didn’t
perform as well? Never disclosed. From the outside, it looked like Llama 4 simply performed
well. The extensive optimization process was invisible.

Phase 4: Public Relations Management

When the discrepancies were discovered—when users noticed that production Llama 4
didn’'t match Arena Llama 4—Meta’s response was essentially to acknowledge the practice
while normalizing it. “Of course we optimize for benchmarks. Everyone does.”

Beebom’s coverage noted this wasn't even Meta's first benchmark controversy, suggesting
a pattern of aggressive benchmark optimization across multiple evaluation frameworks.

Why Your Model Selection Strategy Is Broken

If you're an enterprise technology leader, you're probably making model selection decisions
based on some combination of:

1. Public benchmark scores (manipulated)

2. Chatbot Arena rankings (manipulated)

3. Vendor demonstrations (cherry-picked)

4. Analyst reports (based on manipulated data)
5. Internal testing (limited scope, limited time)

The uncomfortable truth is that the first four sources are compromised, and the fifth is

typically insufficient to overcome the biases introduced by the others.

When your CTO approved that $2M LLM contract, they were making a decision
based on information that the model providers had specifically engineered to
influence. The evaluation framework itself was the product being sold.
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The Procurement Theater Problem

Enterprise Al procurement has become a kind of theater where both parties—vendor and
buyer—perform roles that everyone knows are partially fictional.

The vendor presents benchmark scores they know don't reflect real-world performance.
The buyer requests those scores because they need documentation for procurement
justification. Both parties understand the limitations, but the institutional process demands
the performance.

This creates a market where actual model quality is partially decoupled from commercial
success. A model that games benchmarks well but performs poorly in production can win
contracts over a model that performs excellently but benchmarks modestly.

The $10 Billion Question

The enterprise Al procurement market now exceeds $10 billion annually. Major
organizations are making deployment decisions that will affect millions of users, critical
business processes, and competitive positioning for years to come.

These decisions are being made based on rankings that:

e Major providers openly admit they manipulate

* Independent research has documented as gameable

» Show statistically insignificant differences between top performers

e Cannot be independently audited due to undisclosed anti-gaming measures
e Measure preference rather than task performance

This is not a sustainable situation. The current equilibrium—where everyone manipulates,
everyone knows everyone manipulates, but everyone continues citing manipulated
metrics—benefits only the companies with the most resources to invest in benchmark
gaming.

www.arturmarkus.com | 7



The Arena Manipulation Economy: How Meta'’s Llama 4 Scandal
Exposed the $10B Industry Built on Leaderboard Gaming—And Why
Your Model Selection Strategy Is Broken

What Actually Works: Alternative Evaluation Strategies

If public benchmarks and leaderboards are compromised, how should enterprises actually
evaluate LLMs? Based on the research and real-world deployment patterns, several
approaches show more promise:

1. Task-Specific Evaluation Suites

Build evaluation datasets that reflect your actual use cases. If you're deploying a model for
customer service, create test scenarios from real customer service interactions. If you're
using it for code generation, evaluate on your actual codebase patterns.

This approach is more expensive than checking a leaderboard, but it measures what you
actually care about rather than what vendors have optimized for.

2. Red Team Testing

Before major deployment decisions, invest in adversarial testing. Find where models fail, not
just where they succeed. The failure modes are often more predictive of production
problems than success metrics.

3. Parallel Deployment Evaluation

For high-stakes deployments, run multiple models in parallel on real traffic (with
appropriate safeguards) and measure actual business outcomes. This is the most
expensive approach but also the most reliable.

4. Capability Decomposition

Rather than relying on aggregate scores, evaluate specific capabilities independently. A
model might excel at summarization while struggling with logical reasoning. Aggregate
benchmarks hide these variations.

5. Temporal Stability Testing

Evaluate models over time, not just at a single point. Some models show significant
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performance degradation or inconsistency that doesn’t appear in snapshot evaluations.

Evaluation Method Cost Reliability Gaming Resistance
Public Benchmarks Low Low Very Low
Chatbot Arena Rankings Low Medium Low
Task-Specific Suites Medium High High
Red Team Testing Medium-High High Very High

Parallel Deployment Very High Very High Very High

The Structural Reform Question

Can platforms like Chatbot Arena be fixed, or are they fundamentally compromised?

LMSYS has made some reforms since the controversy, including better documentation of
testing policies and some additional anti-gaming measures. But the structural incentives
remain unchanged: model providers want high rankings, the platform benefits from provider
participation, and users want simple comparison metrics.

Simon Willison argues that some of the criticism has been overblown—Arena still provides

useful signal, especially for comparing response quality in conversational contexts. The
problem isn't that Arena is useless, but that it's being used for decisions it was never
designed to support.

Several structural reforms could improve the situation:
Mandatory Variant Disclosure

Require that any model submitted for public ranking be identical to publicly available
versions. Private variant testing would remain possible, but public rankings would only
reflect deployable models.

Independent Testing Infrastructure

Create evaluation platforms operated by entities without commercial relationships to
model providers. Fund them through industry consortium or government grants.
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Confidence Interval Reporting

Stop reporting single-number rankings. Report confidence intervals that reflect actual
statistical uncertainty. When models are within measurement error, show them as tied.

Use Case Stratification

Report separate scores for different capability categories rather than aggregate Elo. A
model might rank #1 for creative writing and #15 for mathematical reasoning—that
information matters.

Audit Requirements

Require that evaluation platforms publish sufficient methodology detail for independent
replication. If the anti-gaming heuristics can’t be disclosed without compromising them,
the evaluation can't be considered scientific.

The Deeper Problem: Capability Measurement Itself

Even if we solved the manipulation problem completely, we'd still face a more fundamental
challenge: we don't actually know how to measure LLM capabilities comprehensively.

Current benchmarks measure narrow slices of behavior:

« Static question answering (doesn’t test dynamic reasoning)

« Single-turn interactions (doesn’t test conversation coherence)
» Text-only evaluation (doesn't test multimodal integration)

« English-dominant testing (doesn’t test multilingual capability)
* Isolated tasks (doesn’t test agentic workflows)

The models that score highest on these benchmarks aren’t necessarily the models that will
perform best in production environments where the task distribution differs from the
benchmark distribution.

The Register’s deep dive into Al measurement science concludes that the field lacks the
methodological rigor of other scientific disciplines. There’s no equivalent of FDA trials for Al
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capabilities—no standardized protocols, no independent verification requirements, no
penalties for misleading claims.

What Comes Next

The Llama 4 scandal marks an inflection point, but probably not the inflection point
optimists might hope for.

In the short term, expect:

e Continued benchmark gaming by all major providers

* More sophisticated manipulation techniques

e Incremental platform reforms that don't address structural issues

» Growing enterprise skepticism without clear alternative frameworks

In the medium term, we might see:

» Emergence of third-party evaluation services with verified independence
 Regulatory attention to Al capability claims (especially in the EU)

» Enterprise buyers developing more sophisticated internal evaluation capabilities
* Model providers differentiating on evaluation transparency

The companies that will win long-term are not necessarily those that game benchmarks
most effectively, but those that build genuine capabilities and find ways to demonstrate
them credibly. The market will eventually correct for manipulation—the question is how
much enterprise value gets destroyed in the meantime.

Your Action Items

If you're responsible for Al model selection at your organization, here’'s what you should do
immediately:

1. Audit Your Current Evaluation Process
Map every data source feeding into your model selection decisions. Identify which sources
are controlled by vendors and which are independently verifiable.
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2. Build Task-Specific Test Suites

Invest in creating evaluation datasets that reflect your actual use cases. This is more
expensive than citing Arena scores but dramatically more predictive of deployment
success.

3. Demand Deployment-ldentical Testing
When vendors present benchmark scores, ask explicitly: “Is this the exact model version
we'll receive in production?” Get it in writing.

4. Diversify Information Sources
Don't rely on any single benchmark or leaderboard. Cross-reference multiple independent
evaluations and weight sources by their manipulation resistance.

5. Build Internal Capability
Develop the technical capacity to run your own evaluations. Dependence on external
benchmarks is dependence on systems you can't audit.

6. Plan for Continuous Evaluation
Model performance can change over time (through fine-tuning updates, API changes, etc.).
Build evaluation into ongoing operations, not just initial procurement.

The Industry We Have vs. The Industry We Need

The Arena Manipulation Economy exists because we built it. We created intense
competitive pressure around simple numeric rankings. We funded platforms that provided
those rankings without adequate gaming resistance. We made procurement decisions that
rewarded benchmark performance regardless of real-world capability.

Changing this requires action at multiple levels: platform operators implementing stronger
anti-manipulation measures, enterprises developing more sophisticated evaluation
approaches, and model providers recognizing that the current equilibrium damages
everyone's long-term credibility.

The Llama 4 scandal didn’t reveal that one company was cheating. It revealed that the
entire framework for comparing Al models has become a Goodhart’s Law case study where
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the metrics have consumed the meaning.

Until we build something better, every enterprise Al decision should be made with deep
skepticism of any number that a model provider had incentive to inflate. The leaderboard
told you Llama 4 was #2. The leaderboard was optimized to tell you exactly that.

When the Al industry’s most trusted evaluation framework can be gamed by the
companies it’s supposed to evaluate, your model selection strategy must assume
manipulation until proven otherwise—because in the Arena Manipulation Economy,
the rankings are the product being sold.
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Artur Markus

Software engineer in Basel building Al infrastructure and agentic systems, with a
background in pharmaceutical automation, GxP compliance, and validation. | help teams
turn Al from a chatbot into a reliable operational layer.
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